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1: Free Online Course: Data Analysis with R from Udacity | Class Central
By Alan Anderson, David Semmelroth. Before you apply statistical techniques to a dataset, it's important to examine the
data to understand its basic properties. You can use a series of techniques that are collectively known as Exploratory
Data Analysis (EDA) to analyze a dataset.

Data Science is not just for Engineers and Statisticians. Exploratory makes it for Everyone. Exploratory allows
me to quickly walk through different scenarios, add paths, visualize and revert a few steps when I need to, all
in an easy to use interface. It saves me quite a bit of time Now I am able to use one tool from data wrangling
to modeling, but it is also flexible so that I can use it with other tools if needed by the client. Sara Vasquez
Data Analyst, Education I can spend my time thinking about the data and coming up with questions regarding
the underlying patterns rather than spending time learning all the details of the R system. I once explored a
table with more than 40 millions rows in Exploratory! But it is limited to Data Scientists and Programmers.
Exploratory makes it easier for anyone to use the modern and the cutting edge open source algorithms without
a programming background. We believe in the world where anyone can access to the latest algorithms and
understand the world better through data. Data Visualization Exploratory provides a wide range of
visualization types to help you explore your data and uncover hidden patterns quickly. You need them to find
hidden patterns and trends from your data effectively. Exploratory curates the best and the most useful modern
open source algorithms, and makes it easier to use them as part of your daily business data analysis routines
without a need of a programming or statistical background. Survival Analysis To analyze your retentions or
churns better you need Cohort Analysis. And if you want to do it right, you need statistical algorithms like
Kaplan-Meier. With Exploratory, you can easily access them and quickly find which cohorts have the
problems and what features are helping your customers retain. Time Series Forecasting The modern machine
learning algorithms help you build models to predict better results even without a statistical background. Time
Series Forecasting is one of them. Dashboard You can create Dashboard to share your business metrics and
schedule it to monitor them periodically. Communicate and Present You can write Notes or create Slides to
share your insights with others by using the simple markdown editor. You can embed interactive charts and
tables or, if you like, you can bring your favorite R packages natively to present your insights flexibly. The
last thing you want to do is to share the data as CSV, which loses all the context behind the data. With
Exploratory, you can share your data with the reproducible steps and the annotation text so that others can
understand your work better and even improve it effectively. Extend Exploratory with your favorite R
packages or your own R functions for your data analysis, your GeoJSON for spatial data visualization, your
color palettes for data visualization, and your own data sources. Oh, have we mentioned you can interact with
data in a command line mode as well?
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2: Exploratory Data Analysis Using R (Part-I) | R-bloggers
7 Exploratory Data Analysis Introduction This chapter will show you how to use visualisation and transformation to
explore your data in a systematic way, a task that statisticians call exploratory data analysis, or EDA for short.

R is supported by various packages to compliment the work done by control structures. R offers wide range of
packages for importing data available in any format such as. To import large files of data quickly, it is
advisable to install and use data. R has in built plotting commands as well. They are good to create simple
graphs. But, becomes complex when it comes to creating advanced graphics. Hence, you should install
ggplot2. These packages are dplyr, plyr, tidyr, lubridate, stringr. Check out this complete tutorial on data
manipulation packages in R. For modeling, caret package in R is powerful enough to cater to every need for
creating machine learning model. However, you can install packages algorithms wise such as randomForest,
rpart, gbm etc Note: You might like to check this interesting infographic on complete list of useful R
packages. But before you proceed. Then type, library swirl to initiate the package. And, complete this
interactive R tutorial. If you have followed this article thoroughly, this assignment should be an easy task for
you! In case you find anything difficult to understand, ask me in the comments section below. Data
Exploration is a crucial stage of predictive model. This stage forms a concrete foundation for data
manipulation the very next stage. In a data set, the response variable y is one on which we make predictions.
Refer to image shown below Predictor Variable a. The predictive model is always built on train data set. This
data always contains less number of observations than train data set. Right now, you should download the data
set. Take a good look at train and test data. Cross check the information shared above and then proceed. To
check if the data set has been loaded successfully, look at R environment. The data can be seen there. Test data
should always have one column less mentioned above right? This can be done by using: Many data scientists
have repeatedly advised beginners to pay close attention to missing value in data exploration stages.
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3: Exploratory Data Analysis with R
Although EDA is mainly based on graphical techniques, it also consists of a few quantitative techniques. This article
discusses two of these: interval estimation and hypothesis testing. The point estimate is a single value estimated from a
sample. For example, the sample mean is a point estimate of.

In particular, a sharp question or hypothesis can serve as a dimension reduction tool that can eliminate
variables that are not immediately relevant to the question. For example, in this chapter we will be looking at
an air pollution dataset from the U. A general question one could as is Are air pollution levels higher on the
east coast than on the west coast? But a more specific question might be Are hourly ozone levels on average
higher in New York City than they are in Los Angeles? Note that both questions may be of interest, and
neither is right or wrong. But the first question requires looking at all pollutants across the entire east and west
coasts, while the second question only requires looking at single pollutant in two cities. For this chapter, we
will focus on the following question: Which counties in the United States have the highest levels of ambient
ozone pollution? Here we have a relatively clean dataset from the U. EPA on hourly ozone measurements in
the entire U. The dataset is a comma-separated value CSV file, where each row of the file contains one hourly
measurement of ozone at some location in the country. Running the code below may take a few minutes.
There are 7,, rows in the CSV file. It makes some tradeoffs to obtain that speed, so these functions are not
always appropriate, but they serve our purposes here. Each letter represents the class of a column: Just as a
convenience for later, we can rewrite the names of the columns to remove any spaces. Sure, we all have. Well,
you can shake the box a bit, maybe knock it with your knuckle to see if it makes a hollow sound, or even
weigh it to see how heavy it is. This is how you should think about your dataset before you start analyzing it
for real. For example, you can check the number of rows and columns. This dataset also has relatively few
columns, so you might be able to check the original text file to see if the number of columns printed out 23
here matches the number of columns you see in the original file. The output for str duplicates some
information that we already have, like the number of rows and columns. More importantly, you can examine
the classes of each of the columns to make sure they are correctly specified i. Often, with just these simple
maneuvers, you can identify potential problems with the data before plunging in head first into a complicated
data analysis. This lets me know if the data were read in properly, things are properly formatted, and that
everthing is there. If your data are time series data, then make sure the dates at the beginning and end of the
dataset match what you expect the beginning and ending time period to be. You can peek at the top and
bottom of the data with the head and tail functions. But there are other areas that you can check depending on
your application. To do this properly, you need to identify some landmarks that can be used to check against
your data. For example, if you are collecting data on people, such as in a survey or clinical trial, then you
should know how many people there are in your study. In this example, we will use the fact that the dataset
purportedly contains hourly data for the entire country. These will be our two landmarks for comparison. Here,
we have hourly ozone data that comes from monitors across the country. The monitors should be monitoring
continuously during the day, so all hours should be represented. We can take a look at the Time. Local
variable to see what time measurements are recorded as being taken. Such a small number of readings are
taken at these off times that we might not want to care. But it does seem a bit odd, so it might be worth a quick
check. What if we just pulled all of the measurements taken at this monitor on this date? Measurement 1
Since EPA monitors pollution across the country, there should be a good representation of states. Perhaps we
should see exactly how many states are represented in this dataset. We can take a look at the unique elements
of the State. Since they are clearly part of the U. This last bit of analysis made use of something we will
discuss in the next section: We knew that there are only 50 states in the U. In this case, all was well, but
validating your data with an external data source can be very useful. It allows you to ensure that the
measurements are roughly in line with what they should be and it serves as a check on what other things might
be wrong in your dataset. External validation can often be as simple as checking your data against a single
number, as we will do here. The exact details of how to calculate this are not important for this analysis, but
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roughly speaking, the 8-hour average concentration should not be too much higher than 0. Median Mean 3rd
Qu. We can get a bit more detail on the distribution by looking at deciles of the data. Measurement, seq 0, 1, 0.
You may refute that evidence later with deeper analysis, but this is the first pass. Because we want to know
which counties have the highest levels, it seems we need a list of counties that are ordered from highest to
lowest with respect to their levels of ozone. To identify each county we will use a combination of the State.
Name and the County. Name ozone 1 California Mariposa 0. For comparison we can look at the 10 lowest
counties too. Name ozone Alaska Matanuska Susitna 0. Does that number of observations sound right? We
can take a look at how ozone varies through the year in this county by looking at monthly averages. Local
Then we will split the data by month to look at the average hourly levels. First, ozone appears to be higher in
the summer months and lower in the winter months. Second, there are two months missing November and
December from the data. We can check the data to see if anything funny is going on. In fact some of the
monthly averages are below the typical method detection limit of the measurement technology, meaning that
those values are highly uncertain and likely not distinguishable from zero. You should always be thinking of
ways to challenge the results, especially if those results comport with your prior expectation. Now, the easy
answer seemed to work okay in that it gave us a listing of counties that had the highest average levels of ozone
for However, the analysis raised some issues. For example, some counties do not have measurements every
month. Is this a problem? Would it affect our ranking of counties if we had those measurements? Also, how
stable are the rankings from year to year? We can imagine that from year to year, the ozone data are somewhat
different randomly, but generally follow similar patterns across the country. So the shuffling process could
approximate the data changing from one year to the next. First we set our random number generator and
resample the indices of the rows of the data frame with replacement. The statistical jargon for this approach is
a bootstrap sample. We use the resampled indices to create a new dataset, ozone2, that shares many of the
same qualities as the original but is randomly perturbed. Name 1 California Mariposa 0. Name ozone 1
Mariposa 0. This might suggest that the original rankings are somewhat stable. We can also look at the bottom
of the list to see if there were any major changes. Name ozone Louisiana West Baton Rouge 0. The example
analysis conducted in this chapter was far from perfect, but it got us thinking about the data and the question
of interest. It also gave us a number of things to follow up on in case we continue to be interested in this
question. Do you have the right data? Sometimes at the conclusion of an exploratory data analysis, the
conclusion is that the dataset is not really appropriate for this question. In this case, the dataset seemed
perfectly fine for answering the question of which counties had the highest levels of ozone. Do you need other
data? One sub-question we tried to address was whether the county rankings were stable across years. We
addressed this by resampling the data once to see if the rankings changed, but the better way to do this would
be to simply get the data for previous years and re-do the rankings. Do you have the right question? For
example, it might have been more interesting to assess which counties were in violation of the national
ambient air quality standard, because determining this could have regulatory implications. However, this is a
much more complicated calculation to do, requiring data from at least 3 previous years. The goal of
exploratory data analysis is to get you thinking about your data and reasoning about your question. At this
point, we can refine our question or collect new data, all in an iterative process to get at the truth.
4: Exploratory data analysis - Wikipedia
Exploratory Data Analysis Using R Book Description: Exploratory Data Analysis Using R provides a classroom-tested
introduction to exploratory data analysis (EDA) and introduces the range of "interesting" - good, bad, and ugly - features
that can be found in data, and why it is important to find them.

5: A Complete Tutorial to learn Data Science in R from Scratch
But now, thanks to Statistical Analysis with R For Dummies, you have access to a trusted, easy-to-follow guide that
focuses on the foundational statistical concepts that R addressesâ€”as well as step-by-step guidance that shows you
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exactly how to implement them using R programming.

6: Simple Fast Exploratory Data Analysis in R with DataExplorer Package
Data Science with R Exploratory Data Analysis with R Data Visualization with R (3-part) Data Science: The Big Picture.
www.enganchecubano.com Feedback Very important.

7: Exploratory Data Analysis Using R - PDF eBook Free Download
Exploratory techniques are also important for eliminating or sharpening potential hypotheses about the world that can be
addressed by the data you have. We will cover in detail the plotting systems in R as well as some of the basic principles
of constructing informative data graphics.

8: RPubs - Exploratory Data Analysis with R
With R being the go-to language for a lot of Data Analysts, EDA requires an R Programmer to get a couple of packages
from the infamous tidyverse world into their R code - even for the most basic EDA with some Bar plots and Histograms.
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